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Abstract—Stroke is a serious and frequent cerebrovascular dis-
ease with an enormous socioeconomic burden worldwide. Stroke
prevention includes treatment of carotid atherosclerosis, the most
common underlying cause of stroke, according to a specific diag-
nostic algorithm. However, this diagnostic algorithm has proved
insufficient for a large number of mostly asymptomatic subjects,
which poses a significant research challenge of identifying novel
personalized risk markers for the disease. This paper illustrates
the potential of carotid ultrasound image analysis toward this di-
rection, with ultrasound imaging being a low-cost and noninva-
sive imaging modality and ultrasound-image-based features re-
vealing valuable information on plaque composition and stability.
A concise report of state-of-the-art studies in the field is provided
and a perspective for clinical scenario for optimal management
of atherosclerotic patients is described. Challenges and necessary
future steps toward the realization of this scenario are discussed
in an attempt to urge and orient future research, and mainly in-
clude systematic applications to sufficiently large patient samples,
appropriately designed longitudinal studies, confirmation with his-
tological results, and clinical trials.

Index Terms—Carotid, image analysis, stroke, ultrasound.

I. INTRODUCTION

S TROKE is a serious cerebrovascular disease and accounts
for the third most common cause of death in developed

countries exceeded only by coronary artery disease and cancer.
Stroke is an acute manifestation of atherosclerosis and con-
sists in brain tissue damage due to interrupted blood supply to
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the brain. Of the 15 million people suffering a stroke annually,
5 million die and another 5 million are left permanently disabled,
placing a burden on family and community [1]. Reported preva-
lence rates range from 5% in subjects aged less than 75 years to
10% or more in subjects aged more than 80 years in Europe [2]
and are about 3% in the USA [3]. Projections show a 24.9%
increase in prevalence from 2010, by 2030 [3]. Stroke burden
is projected to rise from around 38 million disability-adjusted
life years (DALYs) globally in 1990 to 61 million DALYs in
2020 [1]. Although the incidence of stroke is declining in high-
income countries, it is increasing in middle- and low-income
countries [4]; furthermore, the absolute number of strokes con-
tinues to increase because of the aging population.

An international comparison of stroke cost studies showed
that, on average, 0.27% of gross domestic product was spent on
stroke by national health systems, and stroke care accounted for
about 3% of total health care expenditures [5]. Accordingly, it
can easily be argued that the economic burden of stroke is requir-
ing increasing attention for more effective health care planning
and allocation of resources.

Carotid atherosclerosis (CA) is the underlying cause of the
majority of strokes. In its asymptomatic status, in particular, it
is increasingly encountered in the general clinical practice, as
a result of increased life expectancy as well as easier disease
detection due to advances in medical imaging. CA is a mani-
festation of the systemic atherosclerotic disease, in which fatty
deposits, inflammation, cells, and scar tissue build up within
the walls of arteries. The presence of stenotic plaques, causing
luminal narrowing of more than 50% in internal carotid arter-
ies, is positively associated with a higher incidence of ischemic
events, i.e., strokes, in the elderly [6].

Ultrasound imaging holds a prominent position in the diag-
nosis of CA. Compared to other imaging modalities, namely
magnetic resonance imaging, computed tomography, and nu-
clear imaging, which allow accurate identification and evalu-
ation of vessels [7], ultrasound has a number of advantages,
including noninvasiveness, widespread availability, short exam-
ination times, lack of radiation exposure, and low cost. Such
advantages have established it as a validated method for visual-
izing and quantifying atherosclerotic lesions using a repeatable
procedure that has proved to be a strong indicator of cardiovas-
cular disease. It is also the best means for follow up. Ultrasound
imaging shows some limitations in the detection of carotid
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stenosis due to the required high operator skill and experience,
and the large interpersonal variability [8].

Following ultrasound evaluation, as well as clinical exam-
ination, a decision is made for appropriate treatment of CA.
However, the existing “one-size-fits-all” treatment algorithm
has been shown to be inadequate and inefficient, especially in
terms of patient safety and cost effectiveness [9]. This issue is
discussed in more detail in Section II. Therefore, there is an
ultimately important clinical challenge, namely, to accurately
and objectively identify CA patients at high-, intermediate- and
low-risk for stroke and offer them the appropriate treatment.
Such challenge is eventually “projected” to an engineering- and
technology-based challenge, consisting in recruiting state-of-
the-art methods for image analysis, and optimizing them toward
identifying early, valid and personalized risk markers, and re-
fining the current diagnostic-decision-making algorithm.

The purpose of this paper is to put into the appropriate per-
spective the crucial issue of early stroke prediction using ul-
trasound image analysis (UIA). To this end, the challenge that
faces the scientific community is clearly outlined in Section II
and a concise report of state-of-the-art methods for carotid UIA
is provided in Section III. Subsequently, the valuable consulta-
tion roles of automatic classification and efficient management
of the collected data in the context of a perspective for clinical
scenario are described in Section IV. Finally, Section V high-
lights the required future steps in this continuously evolving
field of interdisciplinary research toward the realization of the
presented clinical scenario. This paper concludes in Section VI.

II. CHALLENGE: VALID DIAGNOSIS OF CAROTID

ATHEROSCLEROSIS AND RISK STRATIFICATION

Among the subjects suffering from CA, some are more likely
to experience cerebrovascular symptoms than others. Those at
high stroke risk have atheromatous plaques known as “vulnera-
ble plaques”. Although plaque vulnerability has been addressed
in a number of studies, a formal definition of this term is still
lacking; proposed definition criteria have included active in-
flammation, a thin cap with a large lipid core, endothelial de-
nudation, fissured cap, severe stenosis, or combinations of these
findings [10]. Early and valid discrimination between vulnera-
ble and stable carotid plaques is critical for optimal management
of the disease.

Diagnosis and monitoring of CA are currently based on the
degree of stenosis, i.e., the percentage of lumen area occupied
by atheromatous material. The degree of stenosis is estimated
ultrasonographically, using B-mode and Doppler and taking
into account systolic and diastolic velocity peaks [8]. In cur-
rent clinical practice, asymptomatic subjects with stenosis de-
grees higher than 70% are offered an invasive revascularization
procedure (endarterectomy or stenting), whereas subjects with
lower stenosis degrees are not; both groups are offered medical
treatment, namely statin therapy [see Fig. 1(a)]. Patients with
asymptomatic carotid stenosis ≥50% have an overall risk of
stroke 2% per year and within this patient group higher steno-
sis degrees are associated with higher risk [11]. Selecting the
appropriate asymptomatic subject for intervention remains a

considerable dilemma in disease management for the treating
physician. Symptomatic subjects with degrees of stenosis larger
than 50% are all offered a revascularization procedure [12]. It
is pointed out that a subject is considered asymptomatic if they
have not experienced a cerebrovascular symptom within a spe-
cific time period, usually not longer than six months, prior to
the time of the examination.

Although the degree of stenosis has traditionally been ap-
proved as a key point laboratory measurement for the thera-
peutic decision making of CA, several studies have indicated
that most cerebrovascular events are associated with less severe
stenosis, and plaque composition appears to be a critical deter-
minant of the risk for future ischemic events [13]. The surgical
procedure itself also holds risks for patient safety [14]. In addi-
tion to this, it has recently been shown that 94% of all carotid
revascularization procedures in asymptomatic patients in the US
are ultimately unnecessary, costing health-care providers US$2
billion annually [9].

Based on the aforementioned, and given the substantial so-
cioeconomic cost of the disease and its potential adverse clinical
events as well as the risk to patient safety related to the avail-
able therapeutic options, there is an undoubted clinical need
to better identify those asymptomatic subjects with vulnerable
plaques, i.e. at high risk of stroke, who really need a surgical
intervention to prevent cerebrovascular events, and spare those
with stable plaques from potentially unnecessary and harmful
interventions.

The importance of this clinical challenge is highlighted not
only in isolated single-center studies, but also in multicentre
collaborative projects. The BioImage study aims to evaluate
associations among imaging and circulating biomarkers and
their ability to predict atherothrombotic events in asymptomatic
at-risk subjects in the primary prevention of myocardial infarc-
tion and stroke [15]. Recently, a full model for atherosclerotic
plaque formation and development was presented as part of
ARTreat Project [16], which aims at providing a patient-specific
computational model to improve the prediction quality for CA
progression and risk.

As a step forward, the capabilities offered by the widely used
ultrasound imaging can be combined with advanced methods for
UIA, which allow the in-depth investigation of morphological
and mechanical properties of arterial segments. The incorpora-
tion of the extracted information in classification schemes may
eventually lead to “intelligent” diagnostic tools, which, along
with efficient data management, will personalize and improve
disease management.

III. STATE OF THE ART: CHARACTERIZATION

OF CAROTID ATHEROSCLEROSIS

Current clinical decision making in terms of treating the
asymptomatic CA is now mitigated by multiple factors be-
yond the ultrasonographically determined degree of stenosis,
the presence of symptoms and clinical familial history. Fur-
thermore, recent advances in computerized methods for UIA
have allowed the extraction of features for describing tissue
echogenicity/texture, motion/elasticity, and morphology, thus
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Fig. 1. Graphical representation of (a) current diagnostic algorithm and (b) a scenario for a future, refined, algorithm, for management of carotid atherosclerosis.
Boldface indicates the features used for treatment selection in each case.

providing additional information on plaque composition and
stability. The usefulness of such measures in enhancing the di-
agnostic procedure lies in their potential ability to discriminate
between vulnerable and stable plaques as well as to characterize
tissue modifications following specific therapeutic procedures.
In the following paragraphs, the state-of-the-art research in these
areas is briefly described.

A. Echogenicity and Texture Analysis

The allocation of echogenic (fibrous and calcified tissue)
and anechoic (blood, lipids) materials within the plaque de-
termines the appearance and spatial distribution of gray levels
in plaque ultrasound images, which can be quantified using im-
age echogenicity and texture analysis, respectively. A number
of studies have compared symptomatic and asymptomatic cases
in terms of their echogenicity and texture characteristics. In this
context, plaque echogenicity has been analyzed with various
statistical methods ([17], [18]), among which the gray scale
median (GSM) has been extensively used in the study of differ-
ent aspects of vascular disease. According to these studies, low
GSM values, corresponding to echolucent plaques, have been
associated with symptomatic cases, and are therefore considered
as indices of vulnerable plaque. More advanced texture analy-
sis methods, based on multiresolution and multiscale texture
analysis, can be more efficient than statistical measures in dis-
criminating symptomatic and asymptomatic plaques [19], [20].
An interesting finding, in the case of wavelet-based analysis,
was that the dominant texture features exhibited horizontal di-
rectionality, suggesting that texture may be affected by biome-
chanical factors (plaque strains) [19]. In a recent study, it was
shown that statistical and spectral features were more sensitive
to statin-related changes in CA than plaque volume [21].

As opposed to the previous cross-sectional studies, longitudi-
nal studies, including follow-up procedures, are rather limited;
a recent one has shown that a combination of plaque echogenic-
ity and embolic signals can facilitate stratification of risk of
stroke [22]. An integrated plaque risk score, defined as a combi-
nation of stenosis degree, plaque surface irregularity, echogenic-
ity, and texture, was also suggested as a more powerful pre-
dictor of cerebrovascular events, compared to the traditional
Framingham score [23]. The crucial issue of validation, in-
cluding comparison with histological samples, has only been
investigated in a few studies ( [17], [24]).

In an attempt to understand the significance of echogenicity-
based features, these have been associated with biochemi-
cal markers implicated in plaque destabilization and rupture.
Echolucent plaques have been associated with elevated levels
of triglyceride-rich lipoproteins, lower levels of high-density-
lipoprotein cholesterol [25], elevated plasma concentrations of
the acute phase reactants orosomucoid, interleukin-6 and high
sensitivity c-reactive protein [26], and circulating oxidized low-
density lipoprotein [27].

B. Motion Analysis

Dynamic B-mode ultrasound imaging of longitudinal sec-
tions of the arterial wall allows the estimation of tissue motion
in two dimensions, namely longitudinal, i.e., along the vessel
axis, and radial, i.e., along the vessel radius, and perpendicu-
lar to the longitudinal one. Radial displacements of the arterial
wall have been extensively studied and adequately correlated to
a number of cardiovascular diseases [28]. On the other hand,
studies interrogating the longitudinal direction have relatively
recently emerged, and have shown the usefulness of this motion
component. The analysis of motion of normal common carotid
artery segments in healthy individuals has revealed a significant
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longitudinal component of wall strain comparable, and some-
times larger, in magnitude to the radial component [29], [30].
The longitudinal displacement patterns of the arterial wall have
been found significantly different among healthy subjects of
similar ages and genders but constant within subjects interro-
gated at two time instances four months apart [31].

Wall displacements of nonatherosclerotic common carotid
artery areas have also been measured in subjects with diabetes
[32], coronary artery disease [33], periodontal disease [34], and
carotid plaque [35]. All studies reported impaired arterial tissue
movements in the presence of disease.

The investigation of motion of the carotid atherosclerotic
plaque is more challenging than that of the normal wall because
the local geometry is more complicated and arterial borders
appear fuzzier; it is also much more clinically interesting. There-
fore, only a few studies have associated motion patterns of the
plaque with the risk for cerebrovascular complications, such
as strokes or transient ischaemic attacks [36]. In one of the
first studies on plaque motion analysis, asymptomatic plaques
had surface motion vectors of equal orientation and magnitude
to those of the internal carotid artery, whereas symptomatic
plaques demonstrated evidence of inherent plaque movement
[36]. Maximal surface velocity was not different between the
two plaque types, but maximal discrepant velocity, defined as the
maximal difference between maximal and minimal velocities,
was significantly higher in symptomatic plaques [36]. Prelimi-
nary results of later studies suggested that parameters describing
tensional and torsional plaque motion [37] and motion-based
strain imaging methods [38], [39] may be able to discriminate
vulnerable plaques.

Imaging tissue displacements and strains (see Fig. 2) allows
better visualization of biomechanical patterns, which may ac-
count for plaque rupture or fissures. Recently, it was shown
that heterogeneous material composition of the plaque reduces
its movement in both motion directions, probably because
of interactions between different materials [40]. Furthermore,
echogenic image regions moved more intensely in the longitu-
dinal direction than anechoic image regions, while the opposite
was observed for the radial direction (see Fig. 3).

An important part of ongoing research focuses on improv-
ing existing methods in terms of accuracy in motion track-
ing. Kalman filtering [41], multiscale motion analysis [42] and
weighted-least-squares optical flow [43] have been shown to
outperform the more conventional block matching technique.
Such methods may be promising for addressing challenging
issues, including tracking of fuzzy arterial borders.

C. Automatic Segmentation

Segmentation of B-mode ultrasound images of the carotid
artery wall deals with delineating the boundaries of different
structures, as a step toward clinically useful morphology mea-
surements. Valid identification of the different arterial wall lay-
ers in longitudinal views of the carotid artery enables accurate
measurements of the thickness of the intima-media complex
(IMT). IMT has a significant prognostic and diagnostic role for
CA, given that (a) it is a well-known early indicator of the de-

Fig. 2. Color-coded distributions of diastolic (a, b, e, f) radial and (c, d, g, h)
longitudinal (a–d) displacements (in mm) and (e–h) strains (%) for (a, c, e, g)
an asymptomatic and (b, d, f, h) a symptomatic atherosclerotic patient (colored
areas: plaque; dark areas: vessel lumen; and gray areas: tissue surrounding the
arteries).

Fig. 3. Color-coded distributions of (a) normalized gray-scale ([0: black, 255:
white]) image intensities at diastole for a symptomatic patient. (b–e) show
(b, d) radial and (c, e) longitudinal (b, c) velocities (in mm/s) and (d, e) motion
amplitudes (in mm) for the same patient. [colored areas: plaque, dark areas:
vessel lumen, gray areas: tissue surrounding the arteries].

velopment of cardiovascular disease, (b) it is a validated marker
of the progression/regression of atherosclerosis and (c) it can
be used to evaluate drug therapy response [44]. Additionally,
tracing the near and far wall-lumen interfaces in either longi-
tudinal or transverse sections of the artery allows for diameter
measurements and localization of stenoses due to CA [45]. By
segmenting a sequence of ultrasound images, it is also possible
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to estimate IMT and diameter in different phases of the cardiac
cycle [45], [46].

Segmentation is also the key for measurements in the region
of the plaque. Total plaque area (TPA) and total plaque volume
(TPV) quantify plaque burden in two (2-D) [46] and three di-
mensions (3-D) [47], respectively. The 3-D vessel wall volume
(VWV) measures the vessel wall thickness plus plaque within
the carotid arteries and it has been piloted in small clinical trials
to calculate carotid burden after drug [21] and dietary inter-
ventions [48]. Carotid plaque surface irregularities assessed by
ultrasonography have also been shown to independently predict
ischemic stroke [49].

Segmentation of the carotid artery wall and plaque in ul-
trasound images is a prerequisite for automatic, i.e. user-
independent, UIA. Such task is a significant challenge, because
ultrasound images have an overall quality that is dependent
on the scanner settings and the operator expertise. In carotid
ultrasound images, another complication is given by the high
variability in normal vessel morphology and in vessel ap-
pearance under pathology. Robust segmentation methodologies
must maintain their efficacy under different ultrasound scan-
ners, scanner settings and operators, morphology (healthy and
atherosclerotic arteries), image orientation (horizontal and in-
clined vessels), and appearance (straight and curved vessels).
The algorithms should also be fully automatic to avoid errors
due to user interaction for the selection of ROI or/and the ini-
tialization step.

Several segmentation methodologies have been developed so
far to identify the carotid artery wall from 2-D/3-D B-mode
ultrasound images/image sequences. Briefly, these studies used
advanced image processing tools, such as active contours [50],
edge detection [51], dynamic programming [52], Hough trans-
form [45], and geometrical and modeling methods [53]. Recent
studies have used genetic programming [54] and methodolo-
gies incorporating anatomical information [55] to achieve more
accurate segmentation. Segmenting the region of the plaque re-
mains a particularly challenging task, with less work having
been performed in the field [46], [47], [50].

IV. PERSPECTIVE FOR A CLINICAL SCENARIO FOR

MANAGEMENT OF CAROTID ATHEROSCLEROSIS

The ultimate outcome of research on carotid UIA will hope-
fully be the establishment of a new clinical scenario for optimal
and personalized management of CA [see Fig. 1(b)]. In the con-
text of this scenario, treatment selection will be assisted by smart
tools which automatically classify an atherosclerotic case. Such
tools will 1) identify the plaque presence and boundaries of
ROIs; 2) extract UIA-based features (echogenicity/texture, mo-
tion/strain, morphology); and finally 3) combine “traditional”
criteria (degree of stenosis, symptom status) and the extracted
features in sophisticated classification techniques to provide
recommendations about plaque vulnerability and appropriate
treatment.

During the last decade, considerable attempts have been
made in designing classifiers toward this direction. Multi-
ple classification tools, such as support vector machines [13],

TABLE I
KEY STUDIES ON ULTRASOUND IMAGE ANALYSIS TOWARD IDENTIFYING RISK

MARKERS FOR CAROTID ATHEROSCLEROSIS

[19], [20], [56], [57], neural networks [58], probabilistic neu-
ral networks [20], [57], self-organizing maps [18], and fuzzy
c-means [59], have been used. Most studies have considered
echogenicity/texture features [13], [18]–[20], [56], [58], [59]
and morphology [13], [18], [57] while motion properties have
been investigated in limited cases [59]. Although these attempts
have reached 73.1% [18]–99.1% [58] classification, longitudi-
nal studies using large patient samples are still required for
valid results. Table I overviews significant cross-sectional and
longitudinal studies in this field.

Additionally, within the described scenario, the collected data
will be optimally organized by means of semantic technologies.
This will allow clinicians to annotate images with formality and
efficiently retrieve data through complex search queries [60].
These functionalities will facilitate knowledge discovery and
sharing, as well as easy comparisons with similar prior cases for
improved patient care.

Besides the refinement of the currently inadequate clinical
practice for the disease, the potential offered by this scenario
would allow more objective and user-independent diagnostic
decisions, because automatic procedures would be followed.
Automatic procedures would also help less well-experienced
clinicians to effectively evaluate atherosclerotic lesions.

V. TOWARD EARLY AND VALID STROKE PREDICTION

According to what has been described previously, it becomes
obvious that a number of advanced image processing method-
ologies have been developed to measure particularly interesting
physiological phenomena from ultrasound images. Although
the usefulness and applicability of such methodologies has been
shown in a number of studies, a systematic application to suf-
ficiently large patient samples so as to address specific clinical
challenges has been rather limited. Low clinician demand for
clinical decision support is also an important barrier, which is
related to usability issues, concerns about autonomy, and legal
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and ethical ramifications of adhering to or overriding computer-
aided recommendations.

The available UIA methods, and the corresponding features,
allow the investigation of many complex phenomena that could
not be studied until now. As an example, the regional nature of
these methods allows the in-depth investigation of segments of
the arterial wall, namely different wall layers, different plaque
areas as well as any other wall area indicated by the physician.
It should also be stressed that the UIA, and in particular motion
analysis and the derived elasticity indices, is able to provide
valuable functional, rather than mere anatomical, information,
which may be more sensible to early wall changes due to the
presence of disease. In this same line of investigation, the use
of the previously described features is expected to highlight the
effect of various interventions, including dietary and medical
ones, on the arterial wall.

Such investigations will produce new knowledge about the
complex phenomena of arterial physiology and pathophysiology
and will allow the identification of candidate markers for stroke
prediction. In this context, animal models offer a particularly
important alternative, given that such models are more robust,
with lower variability, than human subjects [39]. The actual
predictive value of the candidate markers will be confirmed
through appropriately designed longitudinal studies, including
frequent follow-up procedures. Associations with histological
samples will confirm the value of the desired markers.

The last step in the search for novel markers for stroke pre-
diction includes their integration into routine clinical practice.
This step includes the design of computer-aided-decision sys-
tems based on smart classifiers and the subsequent translation of
scientific discoveries into real-world applications, i.e., from lab-
oratory experiments to actual point-of-care patient applications
through clinical trials. The previously described steps will lead
to the re-definition of the clinical algorithm for the management
of CA.

VI. CONCLUSION

Stroke carries an enormous socioeconomic burden, and its
prevention continues to remain one of the major challenges
facing the scientific community, despite numerous efforts to
highlight the natural history of its underlying cause, namely
CA. UIA, in combination with smart tools, has the potential to
identify valid, low-cost and noninvasive markers for risk strat-
ification, paving the way for a patient-centered science-driven
diagnostic procedure.
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[31] Å. R. Ahlgren, M. Cinthio, H. W. Persson, and K. Lindström, “Different
patterns of longitudinal displacement of the common carotid artery wall
in healthy humans are stable over a 4-month period,” Ultrasound Med.
Biol., vol. 38, pp. 916–925, Jun. 2012.

[32] G. Zahnd, L. Boussel, A. Marion, M. Durand, P. Moulin, A. Sérusclat, and
D. Vray, “Measurement of two-dimensional movement parameters of the
carotid artery wall for early detection of arteriosclerosis: A preliminary
clinical study,” Ultrasound Med. Biol., vol. 37, no. 9, pp. 1421–1429, Sep.
2011.

[33] S. Svedlund and L. M. Gan, “Longitudinal wall motion of the common
carotid artery can be assessed by velocity vector imaging,” Clin. Physiol.
Funct. Imaging, vol. 31, pp. 332–338, Jan. 2011.

[34] G. Zahnd, D. Vray, A. Sérusclat, D. Alibay, M. Bartold, A. Brown,
M. Durand, L. M. Jamieson, K. Kapellas, L. J. Maple-Brown, K. O’Dea,
P. Moulin, D. S. Celermajer, and M. R. Skilton, “Longitudinal displace-
ment of the carotid wall and cardiovascular risk factors: associations
with aging, adiposity, blood pressure and periodontal disease independent
of cross-sectional distensibility and intima-media thickness,” Ultrasound
Med. Biol., vol. 38, no. 10, pp. 1705–1715, Oct. 2012.

[35] M. Mokhtari-Dizajl, M. Montazer, and H. Saberi, “Differentiation of mild
and severe stenosis with motion estimation in ultrasound images,” Ultra-
sound Med. Biol., vol. 32, no. 10, pp. 1493–1498, Oct. 2006.

[36] S. Meairs and M. Hennerici, “Four-dimensional ultrasonographic char-
acterization of plaque surface motion in patients with symptomatic and
asymptomatic carotid artery stenosis,” Stroke, vol. 30, no. 9, pp. 1807–
1813, 1999.

[37] J. Bang, T. Dahl, A. Bruinsma, J. H. Kaspersen, T. A. N. Hernes, and
H. O. Myhre, “A new method for analysis of motion of carotid plaques
from rf ultrasound images,” Ultrasound Med. Biol., vol. 29, no. 7, pp. 967–
976, Jul. 2003.

[38] M. McCormick, T. Varghese, X. Wang, C. Mitchell, M. A. Kliewer, and
R. J. Dempsey, “Methods for robust in vivo strain estimation in the carotid
artery,” Phys. Med. Biol., vol. 57, no. 22, pp. 7329–7353, 2012.

[39] T. Zakaria, Z. Qin, and R. L. Maurice, “Optical-flow-based b-mode elas-
tography: Application in the hypertensive rat carotid,” IEEE Trans. Med.
Imaging, vol. 29, no. 2, pp. 570–578, Feb. 2010.

[40] A. Gastounioti, S. Golemati, and K. S. Nikita, “Computerized analysis
of ultrasound images: potential associations between texture and motion
properties of the diseased arterial wall,” in Proc. IEEE Int. Ultrason.
Symp., Dresden, Germany, 2012.

[41] A. Gastounioti, S. Golemati, J. Stoitsis, and K. S. Nikita, “Comparison of
Kalman-filter-based approaches for block matching in arterial wall motion
analysis from B-mode ultrasound,” Meas. Sci. Technol., vol. 22, no. 11,
114008 (9 pp.), 2011.

[42] A. Gastounioti, S. Golemati, N. N. Tsiaparas, J. S. Stoitsis, and
K. S. Nikita, “Multiscale approach for weighted least-squares optical flow
for estimating arterial wall displacements,” in Proc. 10th Int. Workshop
Biomed. Eng., Kos, Greece, 2011, pp. 1–4.

[43] S. Golemati, J. S. Stoitsis, A. Gastounioti, A. C. Dimopoulos,
V. Koropouli, and K. S. Nikita, “Comparison of block matching and dif-
ferential methods for motion analysis of the carotid artery wall from

ultrasound images,” IEEE Trans. Inf. Technol. Biomed., vol. 16, no. 5,
pp. 852–858, Sep. 2012.

[44] E. de Groot, S. I. van Leuven, R. Duivenvoorden, M. C. Meuwese,
F. Akdim, M. L. Bots, and J. J. Kastelein, “Measurement of carotid intima–
media thickness to assess progression and regression of atherosclerosis,”
Nat. Clin. Pract. Cardiovasc. Med., vol. 5, no. 5, pp. 280–288, May 2008.

[45] S. Golemati, J. Stoitsis, E. G. Sifakis, T. Balkizas, and K. S. Nikita, “Using
the Hough transform to segment ultrasound images of longitudinal and
transverse sections of the carotid artery,” Ultrasound Med. Biol., vol. 33,
no. 12, pp. 1918–1932, Dec. 2007.

[46] F. Destrempes, J. Meunier, M. F. Giroux, G. Soulez, and G. Cloutier,
“Segmentation of plaques in sequences of ultrasonic b-mode images of
carotid arteries based on motion estimation and a Bayesian model,” IEEE
Trans. Biomed. Eng., vol. 58, no. 8, pp. 2202–2211, Aug. 2011.

[47] E. Ukwatta, J. Awad, A. D. Ward, D. Buchanan, J. Samarabandu,
G. Parraga, and A. Fenster, “Three-dimensional ultrasound of carotid
atherosclerosis: semiautomated segmentation using a level set-based
method,” Med. Phys., vol. 38, no. 5, pp. 2479–2493, May 2011.

[48] I. Shai, J. D. Spence, D. Schwarzfuchs, Y. Henkin, G. Parraga, A. Rudich,
A. Fenster, C. Mallett, N. Liel-Cohen, A. Tirosh, A. Bolotin, J. Thiery,
G. M Fiedler, M. Blüher, M. Stumvoll, and M. J. Stampfer, (for the DI-
RECT Group), “Dietary intervention to reverse carotid atherosclerosis,”
Circulation, vol. 121, no. 10, pp. 1200–1208, Mar. 2010.

[49] S. Prabhakaran, T. Rundek, R. Ramas, M. S. Elkind, M. C. Paik, B. Boden-
Albala, and R. L. Sacco, “Carotid plaque surface irregularity predicts
ischemic stroke: The northern Manhattan study,” Stroke, vol. 37, no. 11,
pp. 2696–2701, Sep. 2006.

[50] J. C. Seabra, L. M. Pedro, J. Fernandes e Fernandes, and J. M. Sanches, “A
3-D ultrasound-based framework to characterize the echo morphology of
carotid plaques,” IEEE Trans. Biomed. Eng, vol. 56, no. 5, pp. 1442–1453,
May 2009.

[51] C. Liguori, A. Paolillo, and A. Pietrosanto, “An automatic measurement
system for the evaluation of carotid intima-media thickness,” IEEE Trans.
Instrum. Meas., vol. 50, no. 6, pp. 1684–1691, Dec. 2001.

[52] Q. Liang, I. Wendelhag, J. Wikstrand, and T. Gustavsson, “A multiscale
dynamic programming procedure for boundary detection in ultrasonic
artery images,” IEEE Trans. Med. Imaging, vol. 19, no. 2, pp. 127–142,
Feb. 2000.

[53] D. E. Ilea, C. Duffy, L. Kavanagh, A. Stanton, and P. F. Whelan, “Fully
automated segmentation and tracking of the intima media thickness in
ultrasound video sequences of the common carotid artery,” IEEE Trans.
Ultrason. Ferroelectr., Freq. Control, vol. 60, no. 1, pp. 158–177, Jan.
2013.

[54] R. Benes, J. Karasek, R. Burget, and K. Riha, “Automatically designed
machine vision system for the localization of CCA transverse section in
ultrasound images,” Comput. Methods Prog. Biomed., vol. 109, no. 1,
pp. 92–103, Jan. 2013.

[55] S. Petroudi, C. Loizou, M. Pantziaris, and C. Pattichis, “Segmentation of
the common carotid intima-media complex in ultrasound images using
active contours,” IEEE Trans. Biomed. Eng., vol. 59, no. 11, pp. 3060–
3069, Nov. 2012.

[56] U. R. Acharya, O. Faust, S. V. Sree, F. Molinari, L. Saba, and
A. Nicolaides, “An accurate and generalised approach to plaque charac-
terisation in 346 carotid US scans,” IEEE Trans. Instrum. Meas., vol. 61,
no. 4, pp. 1045–1053, Apr. 2012.

[57] E. Kyriacou, M. S. Pattichis, C. S. Pattichis, A. Mavrommatis,
C. I. Christodoulou, S. Kakkos, and A. Nicolaides, “Classification of
atherosclerotic carotid plaques using morphological analysis on ultra-
sound images,” Appl. Intell., vol. 30, no. 1, pp. 3–23, 2009.

[58] S. Mougiakakou, S. Golemati, I. Gousias, A. N. Nicolaides, and
K. S. Nikita, “Computer-aided diagnosis of carotid atherosclerosis based
on ultrasound image statistics, Laws’ texture and neural networks,”
Ultrasound Med. Biol., vol. 33, no. 1, pp. 26–36, Jan. 2007.

[59] J. Stoitsis, S. Golemati, K. S. Nikita, and A. N. Nicolaides, “Characteri-
zation of carotid atherosclerosis based on motion and texture features and
clustering using fuzzy c-means,” in Proc. 26th Annu. Int. Conf. IEEE Eng.
Med. Biol. Soc., San Francisco, USA, 2004, pp. 1407–1410.

[60] G. Kyrgiazos, I. Gerostathopoulos, V. Kolias, J. S. Stoitsis, and
K. S. Nikita, “A semantically-aided approach for online annotation and re-
trieval of medical images,” in Proc. 33rd Annu. Int. Conf. IEEE Eng. Med.
Biol. Soc., Boston, USA, 2011, pp. 2372–2375.

Authors’ photographs and biographies not available at the time of publication.

Authorized licensed use limited to: Konstantina Nikita. Downloaded on September 04,2020 at 19:48:31 UTC from IEEE Xplore.  Restrictions apply. 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


